/‘\-I-{ ggﬁ?ﬁ?&‘ﬁ?ﬂimuom ATRA—T 2/ "9 R20164 118118
Wi T 24 £
ixFl=e & N TENIEE

JWAIE5

» ATRINTFHBIEHR SRR ik
- BEHEHANERemRE 57— T

»  AMEDRx# iR ERSHEAE T O 5 L -DecNefZ
ICFALT-f5MEEZH - e EEAAR

 NEDOAZIXIgE-ATRERIMFHL = -BIKE

Discovery Channc [l

=




T—LEZS3TEARATHRES TR ? 7
o 70XLL L EEBLIE, FiE

— ANIHIIZADEEEZEIR, R . LISP(ELISA), PROLOG, FRAN1FEl =
s W T 24
e 601X INFl=
— HEmMmEEE. 28H. 2tFE . HEMHhHYEE . BEELES
* 50 AIZa—ZI/ILRYNT—7
— AT =raY., SRE/N—ETAY  \yHTAanNT—23>  BEET. TD
XE2 . TDNN, EERE. RV T I4—ILKRETIL . RILYTII Y

s . % 4=E 4 T3
o 40K HEWEE
— NIPS. ICML, SVM, B—2JLiE. ARD. RA X, ixE1t . ST EFE G, #HEt
FEEE. NILERE. Bias-Variance LUV, /MNdb K. VCRIT

e 30/ IBMTJ VY
— DA XE R, ENFITERATHEE., dRIIEMFEEES1—IL
« 20RLLTF:Fa4—T5—=245

— TA—T5—=25%9bT—9 FEREEE . DeepQ. F—J L. TILT7E




Line

Diagonal

0\
»,%9
(25 .‘;0«'/Al
L/
Pyl AN b
V\’\' N

v¢,
Za )2
111
SARZE: cA,
Z NN
ofofee]:
RRERIPRLIRGE: &S
: P

4 VVM W‘/AA

V\Q PAN A
FQONONDC
IR [ NH R AR
LR DR
ojeJele)e

/ “ 7 /AV
T | RLERIINL | IRL | L%

DEDE

e F KA F IR AEFIANTESEN
VN VA AN

\ /2




FEmEE->TH?

« HEfDYFH

o T—RADN:EBREMARSNILIGE

o AET—2(ZE YT [ESRNILFFE
{(x,y.):i=1,2, ... ,n}

o« TANT—4

{(x,y): j=1,2, ... ,n}

» FRT D5 y=flx) DRHME R FEHETE

» HEL-BABMMEREZT AT —2 T




- I\dvanced
Ll elecommunications
/ :iesearch Institute International

EREE+EYI T2 +tERER

NATUREVIDEQ

Diagonal
Line _

Go, a complex game popular in Asia, has frustrated the efforts of artificial-intelligence researchers for decades.
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Google masters Go

Deep-learning software excels at complex ancient board game.

BY ELIZABETH GIBNEY reveals in research published in Nature on  famously beat grandmaster Garry Kasparov in
27 January'. It also defeated its silicon-based 1997, was explicitly programmed to win at the

A computer has beaten a human rivals, winning 99.8% of games against the ~ game. But AlphaGo was not preprogrammed
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Morimoto J. and Doya K.: Acquisition of stand-up behavior by a real robot using
hierarchical reinforcement learning. Robotics and Autonomous Systems, 36,37-51 (2001)
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* Learn appropriate actions and sub-goals for
the observed situation.
— Database initialized with supervised data;
observes human player.
— Actions: Right bank shot, left bank shot,
etc.
« Learn by adjusting the distance to the query
point within the database.
— Data is retrieved using locally weighted
learning (LWL) techniques.
— Weights are updated using Q learning
techniques.
» Agent receives feedback (reward

and penalty) while playing.

Atkeson CG, Hale J, Pollick F, Riley M, Kotosaka S, Schaal S, Shibata T, Tevatia G, Vijayakumar S, Ude A,
Kawato M: Using humanoid robots to study human behavior. IEEE Intelligent Systems, 15, 46-56 (2000).
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Yamashita O, Sato M, Yoshioka T, Tong F, Kamitani Y: Sparse estimation automatically selects voxels

relevant for the

decoding of fMRI activity patterns, Neurolmage, 42, 1414-1429 (2008)

Toda A, Imamizu H, Kawato M, Sato M: Reconstruction of two-dimensional movement trajectories from
selected magnetoencephalography cortical currents by combined sparse Bayesian methods, Neurolmage, 54,

892-905 (2011)
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