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The idea of Schweighofer (2004) was confirmed in the recent simulated learning study:
Isao T. Tokuda, Cheol E Han, Kazuyuki Aihara, Mitsuo Kawato, and Nicolas
Schweighofer: Role of chaotic resonance in cerebellar learning, Neural Networks, 201:3
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+Averaged across 8 subjects with fixed effect
model p<0.05 corrected.
*The peaks are projected in a horizontal plane
Conditions

Tool-use execution

*Hold the tool and look at the object

( control )
«Tool-use motor imagery

Higuchi S, Imamizu H, Kawato M: Cerebellar activity evoked by common tool-use execution 37
and imagery tasks: an fMRI study. Cortex, 3, 350-358 (2007) .
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use in Broca's area. NeuroReport, 20, 1376-1381 (2009)




